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We consider two classical ensembles of the random matrix theory: the
Wigner matrices and sample covariance matrices, and prove Central Limit
Theorem for linear eigenvalue statistics under rather weak (comparing with
results known before) conditions on the number of derivatives of the test
functions and also on the number of the entries moments. Moreover, we
develop a universal method which allows one to obtain automatically the
bounds for the variance of differentiable test functions, if there is a bound
for the variance of the trace of the resolvent of random matrix. The method
is applicable not only to the Wigner and sample covariance matrices, but to
any ensemble of hermitian or real symmetric random matrices.
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1. Introduction

The Wigner Ensembles for real symmetric matrices is a family of n x n real
symmetric matrices M of the form

M =n~1%W, (1.1)
(n)

where W = {w](.z)}zk:l with w(z) = w,gn) eR 1 <5<k <n, and ij,

J J
1 < 5 <k <n are independent random variables such that

Blu'} =0, B{wi)?} =1, j#k B{@()}=w.  (12)
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CLT for the Wigner and Sample Covariance Matrices

Here and below we denote by E{.} the averaging with respect to all random

parameters of the problem. Let {)\gn) 1, be eigenvalues of M. Since the pioneer
work of Wigner [15] it is known that if we consider the linear eigenvalue statistic
corresponding to any continuous test function ¢:

n

Nalel =" oA, (1.3)

Jj=1

then n~'N,[p] converges in probability to the limit

n—oo

lim 1A o] = [ eN)pucN)aN (1.4)

where psc(A) is the famous semicircle density

1
psc(A) = 27V 4 - )‘21[—2,2]-

The result of this type, which is the analog of the Law of Large Numbers of the
classical probability theory, normally is the first step in studies of the eigenvalue
distribution for any ensemble of random matrices. For the Wigner ensemble this
result, obtained initially in [15] for Gaussian W = {wj(.z) }; p—1» Was improved in
[11], where the convergence of N, () to the semicircle law was shown under the
minimal conditions on the distribution of W = {wj(.z)}zkzl (the Lindeberg type
conditions).

The second classical ensemble which we consider in the paper is a sample
covariance matrix of the form

M =n"1XX" (1.5)

where X is a n X m matrix whose entries {XJ(Z)}
random variables, satisfying the conditions

im1nk=1,.m A€ independent

E{x'} =0, B{(X)?} =1 (1.6)

Corresponding results on the convergence of normalized linear eigenvalue statis-
tics to integrals with the Marchenko—Pastur distribution were obtained in [10].
Central Limit Theorem (CLT) for fluctuations of linear eigenvalue statistics
is a natural second step in studies of the eigenvalue distribution of any ensem-
ble of random matrices. That is why there are a lot of papers, devoted to the
proofs of CLT for different ensembles of random matrices (see [1, 2, 6, 7, 9,
12-14]). CLT for the traces of resolvents for the classical Wigner and sample
covariance matrices was proved by Girko in 1975 (see [5] and references therein),
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but the expression for the variance found by him was rather complicated. A sim-
ple expression for the covariance of the resolvent traces for the Wigner matrix
in the case E{( ) } = 2 was found in [8]. CLT for polynomial test func-
tions for some generahzatlons of the Wigner and sample covariance matrices was
proved in [1] by using moment methods. CLT for real analytic test functions
for the Wigner and sample covariance matrices was established in [2] under ad-
ditional assumptions that E{(wl(ln))Q} = 2, E{(w§z))4} = 3E2{(w§z))2} =3 (or
E{(XJ(Z))‘l} = 3E2{(X](Z))2} for the model (1.5)). In the recent paper [9] CLT
for the linear eigenvalue statistics of the Wigner and sample covariance matrix
ensemble was proved under assumptions that F {(wl(ln ))2} = 2, the third and the

forth moments of all entries are the same, but E{(wj(.z))‘L} is not necessary 3.
Moreover, the test functions, studied in [9], are not supposed to be real analytic.
It was assumed that the Fourier transform @ of the test function ¢ satisfies the
inequality

/(1 + [K[P) |30k |dk < oo, (1.7)

which means that ¢ has more than 5 bounded derivatives.
In the present paper we prove CLT for the Wigner ensemble (1.1) under the
following assumptions on the matrix entries

E{(w§z))4} = wy, SUp Sup E{\w]k 161} = wate, <00, £1>0.  (1.8)
n 1<j<k<n

We consider the test functions from the space Hs, possessing the norm (cf (1.7))

1/eikxg0(m)dx. (1.9)

lells = /(1 + 20kD)*P(k)Pdk, s >3/2, (k) = o

Theorem 1. Consider the Wigner model with entries satisfying condition
(1.8). Let the real valued test function ¢ satisfy condition ||¢|]3/24. < 00, € > 0.
Then Ny [p] converges in distribution to the Gaussian random variable with zero
mean and the variance

2
_1/
272
9

74
2

2 9 2
2 — -2
I 21y, LW / w(u)MQdu (1.10)

SO 1/4 M 47?2

Li—

4—p

2
Qp 2)> 4—)\1)\2
dA1dXo
/2( VA— XA -2

where kg = wyq — 3.
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Let us note that similarly to the result of [9] it is easy to check that Theorem 1
remains valid if the second condition of (1.8) is replaced by the Lindeberg type
condition for the fourth moments of entries of W

lim LW(r) =0, Vvr>0, (1.11)
n—oo
where
1 n
(4) _ (n)\a
L) =23 3 B g b (1.12)
]7 =

The proof will be the same as for Theorem 1, but everywhere below n~51/2 will
be replaced by L, (7)/77, with some positive ~.

The proof of Theorem 1 is based on some combination of the resolvent ap-
proach with martingale bounds for the variance of the resolvent traces, used
before by many authors, in particularly, by Girko (see [5] and references therein).
An important advantage of our approach is that it is shown by the marginal
difference method that (see Proposition 2 below)

Var{TrG(z)} < C/|S2|*, G(z) = (M — 2)7", (1.13)

while in the previous papers the martingale method was used only to obtain the
bounds of the type Var{Tr G(z)~'} < nC(z). The bound (1.13) will be combined
with the inequality

Proposition 1. For any s > 0 and any hermitian or real symmetric matric M

Var{N,[¢]} < C’S\gon/dye_yy%_l / Var{Tr G(z + iy) }dz. (1.14)
0 —00

The proposition allows one to transform the bounds for the variances of the resolvent
traces into the bounds for the variances of linear eigenvalue statistics of ¢ € H;, where
the value of s depends on the exponent of |Jz| in the r.h.s. of (1.13). It is important, that
Proposition 1 has a rather general form and therefore it is applicable to any ensemble of
random matrices for which the bounds of the type (1.13) (may be with a different expo-
nent of |¥z|) are found. This makes Proposition 1 an important tool of the proof of CLT
for linear eigenvalue statistics for different random matrices. The idea of Proposition 1
was taken from the paper [7], where a similar argument was used to study the first order
correction terms of n " E{N,,[¢]} for the matrix models. Having in mind Proposition 1,
one can prove CLT for any dense in Hy set of the test functions, and then extend this
result to the whole H, by the standard procedure (see Proposition 3). In the present
paper for this aim we use a set of convolutions of integrable functions with the Poisson
kernel (see (2.32) and (2.3)). This choice simplifies considerably the argument in the
proof of CLT and makes the proof more short than that in the previous papers [1, 2, 9].
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The result for sample covariance matrices is very similar. We assume that the mo-
ments of the entries of X from (1.5) satisfy the bounds

E{(Xi)*} = X4, Sup _sup_ E{ X[} = Xyye, <00, &1 >0, (1.15)
n J

Theorem 2. Consider a random matriz (1.5)—(1.6) with entries of X, satisfying the
condition (1.15). Let the real valued test function ¢ satisfy condition ||p|[3/24c < 00,
e > 0. Then N2 [p] in the limit m,n — oo, m/n — ¢ > 1 converges in distribution to the
Gaussian random variable with zero mean and the variance

Vsclel =5 2//( >2 40_()‘1_am)()\2—am))d)\1d)\2

\/40— Al — am) \/40— Ay — am)?

2

at

K4 H— am
du |, 1.16
oz | [ o (1.16)
A _
where =% = M, Ky = X4 — 3 is the fourth cumulant of entries of X,
AN A1 — Ao
ar = (1+0)?, and ay, = 3(ag +a).
2. Proofs

Proof of Proposition 1. Consider the operator Dy

Do (k) = (1+ 2/k)* F (k). (2.1)

It is easy to see that for fixed n Var{N,[p]} is a bounded quadratic form in the Hilbert
space H of the functions with the inner product (u,v)s = (Dsu, Dsv), where the symbol
(.,.) means the standard inner product of Lo (R). Hence there exists a positive self adjoint
operator V such that

Var{N,[¢]} = Vi, ¢) = Tr (IL,VIL,),
where IL, is the projection on the vector ¢

(Mpf)(x) = e(@)(f,9)llellg

where [|.||o means the norm (1.9) with s = 0. We can write
Tr (I, VIL,) = Tr (IL, DD, ' VD, 'D,IL,).
But it is easy to see that

(D5l f) (@) = (Do) (@)(f, )l

hence,
IDSILy || = |[Dsello = [lells-
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Therefore we can write
Var{N,[¢]} = Tr 11, DsD; ' VD, ' DI, < || DL, || Tr (DS VD). (2.2)

But since for any u,v € Ly(R) we have

1(25)(D;5 %u,v) = [(25) / (L -+ 20k) > (k) (R dk

= /dye_nyS_l/e‘mklyﬂ(k)ﬁ(k)dk = /dye_nyS_l(Py * u, Py xv)
0 0

- / dye [ do [ [ Pye = WPy o - puveGdrds,

where the symbol * means the convolution of functions, and P, is the Poisson kernel

Y
P, = — 2.
y(IE) 7T($2+y2) ( 3)
This implies
['(25)D;%(\, 1) = /dye_nyS_1 /dey(x - N)Py(z — p), (2.4)
0
and so
[(2s)Te(D; VDY) = /dye*yy%*l/dx(wy(x — ), P,z — .))
0
/dye‘nyS_l/dear{N[ y(x — )]}
/dye Yy 1/d:cVar{STrG(:c+iy)}.
0
This relation combined with (2.2) proves (1.14). |

In what wallows we need to estimate E{\w§z)\8} (see the proof of Proposition 2).
Hence, if €; < 4, then it is convenient to consider the truncated matrix

M = {M(T }ld L M(T) _ MijllMLﬂgﬂ Mo _ E{M(‘r b (2.5)

)

Lemma 1. Let N, [¢] = Tr @(M(T)O) be the linear eigenvalue statistic of the matriz
M2 corresponding to the test function ¢ with bounded first derivative. Then

eVl — i Nuel| < o(1) + Cla] ||| oo L (7) /7.
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Proof. Consider the matrix M(t) = M+ t(M — M) Let {\;(t)} be eigenvalues
of M (t) and {¢;(¢)} be corresponding eigenvectors. Then

E{an - /\Msoﬂ} = /th{ > !so’(Ai(t))Aé(tH}

0

<1l [ aB{ 310000 (0). 0s(0)]} < 111 B{ T 31 - 37}
= 11§10 DB S iy (M = M)gjusn|}
k ij

< 1B (0 = M)y |} < sup || ()7

where M'(t) = £ M(t) = (M —M), U = {u,} is the unitary matrix such that M — M =
U*AU, where A is a diagonal matrix and |[M — M| = U*|A|U. Hence,
(eieNle] _ cioNalel® | < ope{ A1) £ M + o] (E{Nn[cp]} _E{N, [‘P]})
< o(1) + Clal|l¢'lloc La(7)/7°. =
It follows from Lemma 1 that for our purposes it suffices to prove CLT for N2[g].
Hence, starting from this point, we will assume that M is replaced by M(7° but to

simplify notations we will write M instead of Mo just assuming below that the matrix
entries of W satisfy the conditions

E{w;r} =0, E{w},} =1+ 0(1), (j # k), E{w};} = wy + o(1), (2.6)
E{wj} = wy + o(1),
E{jwr|*} < ware,n' ™2, B{w;[*} < wigpe,n? /2 (2.7)

Here and below we omit also the super index (n) of the matrix entries wj(z) and X](Z).

Proposition 2. If the conditions (2.6) are satisfied, then for v, = TrG and any
1> 6> 0 we have

Var{y,} < Cn~* ZE{\Gii(z)|l+5}/|Sz|3+5, Var{y,} < C/|3z|*. (2.8)
i=1
If the conditions of (2.7) are also satisfied, then
E{jy|'} < On~' 752 /1322 (2.9)

Proof Denote E<; the averaging with respect to {wij}lgigjgk- Then, according
to the standard martingale method (see [4]), we have

Var{,} =Y E{|[E<i-1{m} - B<x{mm}I}. (2.10)
k=1
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Denote Ej, the averaging with respect to {wg; }1<i<n. Then, using the Schwarz inequality,
we obtain that

E<k-1{7} — BE<k{m}* = [E<k—1{m — Ex{n} < BE<k1{lm — Ex{7a}1*}.
Hence

Var{7,} <Y E{lv — Ex{7.} [} (2.11)
k=1

Let us estimate the first summand (with k£ = 1) of the above sum. The other ones can be
estimated similarly. Denote M) the (n — 1) x (n — 1) matrix which is the main bottom
(n—1) x (n — 1) minor of M

G = (M(l) - z)fl, m) = n71/2(w12, e Wip) € R L, (2.12)
We will use the identities

oo om o AH(EOCOR m®B) 14 B()
oz V2w + (GOMM m) B A(z)

Gn=-A"" Giy-G =—(GImM)?)/4,

(2.13)

where (.,.) means the standard inner product in C*~*.

The first identity of (2.13) yields that it suffices to estimate E{|BA~! —E;{BA~1}|?}
and E{|A7! — E;{A71}|?}. We will estimate the first expression. The second one can
be estimated similarly. Denote £ = & — E1{{} for any random variable £ and note that
for any a independent of {wy;} we have

Ei{|&1?} < Eofl¢ — af*}.
Hence it suffices to estimate

B_EAB}| _| BT Al B|_| B A7
A E{A}] |E{A}  E {4} A] T [E{4} SzE{A}]

Let us use also the identities that follow from the spectral theorem
F(GEHm®D mM) = 2|V 2mD,mD), 3Tr GV = S2Tr |GV, (2.14)

where |G| = (GMGEM*)1/2. The first relation yields, in particular, that |B/A| <
|Sz|~t. Moreover, using the second identity of (2.14), we have

n'Tr |GM1Z (7 'Tr GO P2) (n 1Ty |G ]2)1-0 |5z~ (2.15)
2+ n 1T GOPR |z +n 1Tr GOz 4 1Ty GO[I=5 = 7 [E {A}[1+5 7
Since
A =07 + 07y G w07y G ()0, (2.16)
i) i

E,{|A5?} < Cn2Tr |GW 2 4+ Cn 7Y,
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we get by (2.15) and the second identity of (2.14):

A 2 —1-6
E ‘71 < O(132||E1{A . 2.1
gl )= clsman) (2.17)
Similarly,
- B | _ CnTe|GOP OS2 P Te [GOP a2 70
"UE {A} T lz4+n T GO T |z T GOPZ T 7 |E {4}

Then, using the Jensen inequality |E;{A}|~! < E;{|4|7!}, and the second identity of
(2.13), we conclude that

B{(n (i) < o Bl (9] 7).

Then (2.11) implies (2.8).
To prove (2.9), we use the inequality similar to (2.11) (see [4])

E{ly;|'} < Cn Y E{lyn — Ex{m}|'}. (2.18)
k=1
Thus, in view of (2.13), it is enough to check that
E {|AS*} < On~17o/2Qz74, B {|B°)1} < On7 1o /2 578, (2.19)

The first relation here evidently follow from (2.16), if we take the forth degree of the
r.h.s., average with respect to {wy;}, and take into account (2.7). The second relation
can be obtained similarly. [ ]

Proposition 2 gives the bound for the variance of the linear eigenvalue statistics for
the functions ¢(\) = (A — 2)~!. We are going to extend the bound on a wider class of
test functions.

Lemma 2. If [|¢|[3/24 < 00, with any € > 0, then

Var{Na[¢l} < Celloll3 2 (2.20)

Proof. Inview of Proposition 1 we need to estimate

1) = [ Var(y(o+ i)

Take in (2.8) § = ¢/2. Then we need to estimate

oo

/ E{|Gj; (@ +iy)|" T *}da, j=1,...,n.

— 00
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We do this for 7 = 1. For other j the estimates are the same. The spectral representation

Ni1(dA
gy R
A—x—1y
and the Jensen inequality yield
1+s/2 Nll d>\) —</2
/ Gl (2 +iy)de < / dzx / (Jz = AR+ 2)0Fe/2)/2 = < Cly| ™/

Taking s = 3/2+ ¢ in (1.14), we get

\@ﬁwuﬂhqwmmﬁC/éﬂf“w**Wysaw@ﬂﬁ- .

To simplify formulas we will assume below that {w;x }1<j<k<n areiid. and {w;;}1<j<n
are i.i.d. Note that this assumption does not change the proof seriously, it just allows us
to write the bounds only for GG1; instead of all Gj;;.

The next lemma collects relations which we need to prove CLT.

Lemma 3. Using notations of (2.13) we have uniformly in z1,2z2 : Sz12 > a with
any a > 0:

E{(4°)°}, E{|A°|'}, E{(B°)’}, E{|B°|'} = O(n"'7=1/%), (2.21)
nE1{A°(21)A%(22)} = gTlr G (21)GW (29) 4 wo

*?Z@Wm¢Wm+$%mﬁwmu (222

B {A°(21) B° (22)} = n%El{AO(zl)A"(zz)L (2.23)

Var{nE;{A°(21)A°(22)}} = O(n™ 1), (2.24)
Var{nE;{A°(2)B°(%)}} = O(n™'),

E{3, () - $,(2)/*} = O(n=1=21/2), (2.25)

where %(LU =TrGWM. Moreover,

Var{G{)(z1)} = O(n™"), [E{G}(21)} — E{Gii(21)}| = O(n™Y), (2.26)
E{D ()} — f(2)| =0, [ETHAR)} + f(2)] = O(n™h). (2.27)

Proof. Note that since 32J(GMm,m) > 0, we can use the bound

ISA| > [S2] = A7 < Sz < a L. (2.28)
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Relations (2.21) follow from the representations

e 1 d o

A=A+, (), B =B e 25, (2), (2.29)

combined with (2.19), and (2.9), applied to V. Relations (2.22) and (2.23) follow from
(2.16) and (2.29), if we take the products of the r.h.s. of (2.16) with different z and
average with respect to {wy;}. Relation (2.25) follows from (2.13), (2.21), and (2.28).
The first relation of (2.26) is the analog of the relation

Var{Gh(zl)} = Var{GH(zl)} = O(’I’Lil) (230)

if in the latter we replace the matrix M by M (). But since G11(21) = —A~1(21), (2.30)
follows from (2.21) and (2.28). The second relation of (2.26) follows from (2.13).

The first relations of (2.27) follows from the above bound for n='E{~,, — 7,(3)} and
the well known estimate (see, e.g., [8])

nT'E{ym} — f(2) = O(n7").
The second one of (2.27) is the corollary of the above estimate and of the relation
E-L{A()} = (2 + B0} /n) 0 = (2 4 £(2) "1+ 0(Y) = —£(2) + O(nY).
Finally we obtain the first bound of (2.24) from (2.22), (2.26), (2.25), and the identity

™ G(l)(zl) _ G(l)(ZQ).

21 — 22

Tr G(l) (Zl)G(l) (2’2) =

(2.31)

The second bound of (2.24) follows from the first one, (2.23), and the Cauchy theorem.
|

Proof of Theorem 1. We prove first Theorem 1 for the functions ¢,, of the form

on=Pyrgn, [ loWlar<C < (2.32)

where P, is the Poisson kernel defined in (2.3). One can see easily that

Nl =+ [ o3 addn, s =t in (2.33)
Set
Zn(z) = B{e™Nalely e(z) = ™Nal?l Y, (2, 2) = E{Tr G(2)e°(2)}. (2.34)
Then
20(@) = o [ a0 2) = ¥ ()i (2.35)
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On the other hand, using the symmetry of the problem and the notations of (2.13), we
have

Y. (z,2) = E{Tr G(2)e°(x)} = nE{G11(2)e°(z)}
=-—nE{(A7)’e1(2)} —nB{(A7)°(e(2) —er(@)} =T + Tp,  (2.36)

where

; (1) o ° ° o(1)
ex(a) = NI (W) = (Trp )" = [ a5, ().

Let us use the representation
U SR v\ N LN O o
- E{A} E2{A} E3{A} E*{A} AEY{A}

Since e (z) does not depend on {wy;}, using that E{...} = E{E;{...}}, we obtain in view
of (2.37) and (2.21)

E{nE;{A°(2))}el(x E{nE {(A°(2))?}eS(z e
7, - Bl {EQ{(A)})} (z)}  E{ {(E3{(A)}) yes(x)} O/,

Relations (2.24) imply
B{nE {(4°(2))2) 65 (x)}] < Var'? (nEy {(4°(2))2}} Var'/{e5 (@)} = O(n~"/2),
thus

(2.37)

Ty = E"H{AYE{yVef (2)} + O(n~=/2).
But the Schwarz inequality and (2.25) yield
E{(vi")°e1(2)} — E{ye(@)}] < B{(3")° = 7al (L + [a]l7])}
< O+ [2)EV2{|(4D)° =1} = O(n'?). (2.38)

Thus, we have

Ty = E"2{A(2)} Y (z,2) + O(n~V2) = f2(2)Y, (2, x) + O(n51/?). (2.39)
To find T5, we write

efe) @) =iz [ o307 = 5. Jer(a) + O35 = (I))P))

Using the Schwarz inequality, (2.13), (2.25), and (2.22), we conclude that the term

O((yp — (7&1))0)2) gives the contribution O(n~¢1/%). Then, since e;(2) does not depend
on {wy;}, we average first with respect to {w1;} and obtain in view of (2.25)

7 == [ dugo)B{er (@) (A7) ()3 = 90)° ()} + O~/

™

= [aueotue{erwr (a3 (FHE5) oo
=2 [aneed i @s(Hgr ) FRe) £ 0w,
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Using (2.37) and (2.21), we conclude that only linear terms with respect to B® and A°
give nonvanishing contribution, hence in view of (2.23) and (2.24) we obtain

Doz, 7) = nB{(A7)°() (1 + B(5)) A7 (2,)) '}
(L BB DB {A()A°(5)}  nBy {A°(2)B°(2))
B2{A(2) B A()} B2{A() FE{A(z,)}

+0(n==/?)

= ()2 (20 (1 + F(2) ( {nTrGl) 2)GW( )}
e el )
- f%z)f(zﬂ)di (E{ﬂ GGz}

{ZG ()G (z) }) + O==72),

where we used also (2.27) to replace E7'{A(z2)} by f(z) and E{B(z,)} by f'(z,). The
identity (2.31) yields

Da(e, ) =2£2 ()1 + 7' () (L= L)

A (S6)= Ty

dz, Z— 2z

+w2/2)

o

+2f%(2) f (2u)

a1 (L) F(20) + )] () + 0= 2). (2.40)
In addition, similarly to (2.38), we have
Efei(2)} = Zn(z) + O(n~1/?).
Hence, relations (2.36)—(2.40) imply

Yo(z2) = f2(2)Y(z,2) + 22y (2) / dpup()
Cn(z,24) — Cn(2,%) ‘o

2

Dy (z,2,) — Dn(2, %)

Ya(z,2) = ixZn(m)/dugpo(u)
D, (z, 2,)

Cn(z,2,) = = 702)

Using the relations

/ __f 1 A C)
A+ = T s = =
we can transform C,(z,2,) to the form
B 1 2z, — 4 (we — 2)f(2)f(z4)
Cn(z,2,) = (2 —2,)? ((zg _ 4)1/;(23 —42 1) + (22 — 4)1/2(22 - 4?1/2

F2(2) 2 (20)
(22 — 4)1/2(ZZ —4)1/2

+ 2/14

+o0(1) =: C(z,2,) +o(1). (2.42)
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Now, taking into account (2.35), (2.41), and (2.42), we obtain the equation

d

T Zn(x) = —aVlpo, 1] Zu(x) + o(1), (2.43)

Vipo,n] = i 2//@0 1) po(p2 (C(zm,sz)JrC(ﬁ,zuz)
— 2 22) = CErs ) ) dpia .

Now if we consider

Zn(x) = erV[wO,n]ﬁZn(x)’
then (2.43) yields for any |z| < C

and since Z,(0) = Z,(0) = 1, we obtain uniformly in |z| < C
Zn(x) =14 0(1)
= Z(z) = e @ VIenl/2 L o(1), (2.44)

Thus, we have proved CLT for the functions of the form (2.32). To extend CLT to a
wider class of functions we use

Proposition 3. Let {El(")}?zl be a triangular array of random variables, N,[p] =

n
Z <p(§l(n)) be its linear statistics, corresponding to a test function ¢ : R — R, and
=1

Valp] = Var{N,[¢]}

be the variance of Ny,[p]. Assume that
(a) there exists a wvector space L endowed with a norm ||...|| and such that Vi, is
defined on L and admits the bound

Vale] < Cllel?, Vo € L, (2.45)

where C' does not depend on n;

(b) there exists a dense linear manifold L1 C L such that CLT is valid for Ny [¢],
© € Ly, d.e., if Zy|zp] = E{e”N"[“’]} is the characteristic function of n='/2N ,[¢], then
there exists a continuous quadratic functional V : L1 — Ry such that we have uniformly
in x, varying on any compact interval

lim Zn[zg] = e VIE2 vy e L. (2.46)

n—oo

Then V' admits a continuous extension to L and CLT is valid for all Ny, [¢], ¢ € L.
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Proof. Let {¢x} be a sequence of elements of £; converging to ¢ € L. We have
then in view of the inequality |e!® — €| < |a— b|, the linearity of A',[p] in ¢, the Schwarz

inequality, and (2.45):
< B {|¥le] - Vol

< |z[Var'{N, e — @i} < Clal [l — will-

Zn(SUC,O) — Zn (-TQO) |<P:4Pk-

Now, passing first to the limit n — oo and then &k — oo, we obtain the assertion. [

The proposition and Lemma 2 allow us to complete the proof of Theorem 1. [

Proof of Theorem 2. The proof of Theorem 2 can be performed by the same way as
that for Theorem 1. We start from the proposition which is the analog of Proposition 2.

Proposition 4. Let v, = TrG(z), where G(z) = (M — 2)~! and M is a sample
covariance matriz (1.5) with entries satisfying (1.6) and (1.15). Then inequalities (2.8)
hold.

Taking into account Proposition 4, on the basis of Proposition 1 and Lemma 2 we
obtain immediately the bound (2.20) for the variance of linear eigenvalue statistics of
sample covariance matrices. Then one can use the same method as in the proof of
Theorem 1 to prove CLT for ¢, of (2.32) or just use the result of [9] for the functions,
satisfying conditions (1.7). Then Proposition 3 implies immediately the assertion of
Theorem 2.

Thus, to complete the proof of Theorem 2 we are left to prove Proposition 4.

Proof of Proposition 4. Similarly to the proof of Proposition 2 we use the identity
(2.10) where this time E<; means the averaging with respect to {le}lzl’,’m’jgk. Then
we obtain (2.11) with E; meaning the averaging with respect to {Xxi }i=1, m-

Denote M) = X1 X(* where the (n — 1) x m matrix XV is made from the lines
X, from the second to the last one. Then denote

G(l) — (M(l) — z)_l’ m(l) = (M127 .. ~M1n)
and use (2.13) with these G and m().

To obtain the estimate for E1{|'yn - E; {yn}|2} we need (as in the proof of Propo-

sition 2) to estimate E1{|A9]?}/(S2zE1{A})? and E.{|BS|?}/(E1{A})2. Since G does
not depend on {Xi;};=1, . m, averaging with respect to {Xi;}i=1, m, using the Jensen
inequality and (2.47), we get

1 Sz
E {A}=-Tr¢OMD  QSE {4} = =Tr OB M
n n
2+ X,
’17,2
QE%’J{n’lTrG(l)M(l)G(l)*}E‘f{n’lTr GO (MDY1+0) /5=
n
c
< ——=E {n e GOMOGOIES (n~ T (M M)/,

= n|3z|2

E {|A]P} < Tr GO prM g pr)

<
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But it is known (see [3] and references therein) that for any fixed § > 0

E{n'Tr (MD)10/5Y < (24 /)0 4 o), (2.47)

Combining this bound with the above inequality and repeating the argument of Propo-
sition 2, we obtain the bound (2.17). The bound for E;{|B§|?*}/E#{A} can be obtained
similarly.
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